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Challenges/Barriers to Al adoption tecnalia J s

Top 3 challenges to Al/ML adoption

Sum of 1to 3 rank

Enterprise maturity

skills of staff | 56%

Data scope or quality | 34%

Governance issues or concerns - 13*

Fear of unknown

Understanding Al benefits and uses [ 42%

Security or privacy concerns _ 20%

Measuring the value - 17%
Risk or liabilities - 6%

Finding a starting point

Finding use cases — 26*
Defining the strategy _ 25%
Finding funding - 12*

Vendor strategy

" Integration complexity _ 26%

Confusion over vendor capabilities - 10*

gartner.com/SmarterWithGartner

T — Gartner




Finding a starting point
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(Understand the technology &

the capabilities

e Basic fundamentals
* When make sense to apply it
* \When can be applied in a short

lLimits

period of time (Data available?

» Understand the implications and limits for its implementation in terms of effort
and investment.

* Business KPIs, measure the outcome and results.




Finding a starting point
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Quantity, quality and accessibility of data. Time
and Cost of gathering required data.

* Lots of data but unbalanced
* Not cover variability.

e |T infrastructures have been built and have grown as needed.

e Access to data is complex and time consuming. Starting point ->
locate and design the model data.




Roadmap for adopting Al in industry: some starting tips
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= * Define business use case

Xl ° Define the success KPI (reduction of defects, downtime..)
definition

« Data available, quantity, quality access
Data » Define the scope considering data available. Be realistic.

|
|
|

» Find a qualified vendor(partner) with industry/sector experience

Model o i i
design & Agile methodologies

Developmen

* |T infrastructure considerations (cloud, edge, hybrid)
« Model Monitoring, drift detection,
» Continuous learning and deployment (CI/CD)

Deployment
& monitoring




Adopting Al in industry : i
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Life-cycle of Al model

Create /
Optimize Al

Model

Monitor ;

‘ Al Lifecycle '

Deploy Test Model

. “The only constant in life is change.”- Heraclitus




Iﬂdustry Use cases: VIDRALA

MOTIVATION

%l

vidrala
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Reduce energy consumption by means of bubble detection and counting in
the glass container production, which allows to regulate the furnace.

Challenges:

« Real time: 250 bot/min at 50 m/min.

* 100% production is inspected

« Variability: size, shape, color and glass
thickness.

Starting Point:
« Machine vision system installed.
* Image processing algorithm for bubble

detection
« (Good Performance however false

positives may appear due to grease
stains

(5] DETECION DE BURBUIAS
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Industry Use cases: VIDRALA A e
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vidrala
 Detect in real time for 100% production the bubbles in the glass
= bottles.
gg’ﬁn‘fﬁgﬁ  KPI (Reduce energy consumption, reduction of waste)
* Vision system installed, data available in quantity and quality
Data « Variability in terms of size and color of the bottles.
exploration
» Deep learning classification model (Reduction of up to 90% false
positives)
SRSl © Agile methodologies
Developmen
~

 Local Deployment at this moment in two locations
» Basic Monitoring is already implemented
el © Drift model detection is foreseen as next step




Industry Use cases: ARCELORMITTAL 2\
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ArcelorMittal

MOTIVATION
Improve steel quality by optimising the melting and casting process by scrap
type characterisation in the yard

Challenges:

» Real time information of
scrap type in the yard

« Variability: Locations, types
of scraps

Starting Point:

* Machine vision system
consisting of a set of RGB
cameras installed in the
cranes that move the scrap.




Industry Use cases: Arcelor Mittal - Scrap Yard o
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» Automatic classification of scrap type.

el © KPI (Optimize the melting process, better quality of the steel)
definition

* Vision system installed; data available

Data  Variability in terms of size, shape, color, location.
exploration

« Deep learning classification model (~96% accuracy) 2=

design &
Developmen

 Local Deployment at one location of ArcelorMittal
« Generalizing the solution for its use in any scrap yard ongoing
R < Model monitoring and drift detection are foreseen as next steps
& Monitoring . : .

« Continuous learning and deployment (CI/CD) is foreseen as next stepj
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